
To d ay ’s companies are expending great efforts to retain cur-
rent customers and win new ones.After all, it is cheaper to
keep a current customer than it is to acquire a new cus-

t o m e r. But what if some customers are actually costing your compa-
ny money instead of contri buting to the bottom line? Not all cus-
t o m e rs are pro f i t a bl e.That is why it is beneficial to estimate the life-
time value of a customer. If you can predict the lifetime value of cur-
rent and pro s p e c t ive customers , you can make educated decisions on
what efforts should be made to retain or re c ruit these customers , i f
a ny.

S t a rt with your customer data
Transactional data can be used as a starting point to estimate the life-
time value of each customer in your database. By transactional data,
we mean the information that most firms have about their customers
- how much they bu y, which products they have purc h a s e d , h ow
often they purc h a s e, the date of their last purc h a s e, e t c.While this is
useful information when evaluating current customers , it prov i d e s
minimal information to identify potential customers and what their
value might be.Transactional data tells us what happened but not
w hy it happened. Supplemental re s e a rch can provide rich insights

into why customers buy and pro-
vide the insights needed to esti-
mate the value of current and
p ro s p e c t ive customers .

Limitations of customer data
a l o n e
Past behavior tends to pre d i c t
f u t u re behav i o r. A company ’s cur-
rent database of transactional data
can be used to estimate the curre n t
value of a customer.This is done by
calculating the customer’s past pur-

chase behav i o rs / p a t t e rns and using them to project future purc h a s e
b e h av i o r. Included in this is what the customer purchased (con-
t ri buted to the bottom line) minus what the customer
re t u rn e d / rejected (subtracted from the bottom line).These results are
extrapolated and projected over time.The end result is an estimate of
the value of a customer.We can calculate this for each customer.
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While this gives some estimate of
our best customers , it does not tell
us if there is a customer who should
be buying more from us.T h i s
a p p roach only tells us what the cus-
tomer did and projects that into the
f u t u re. It does not explain why the
customer is buying from us.T h ey
m ay be buying from us because they
l i ke our feature s , we have an attrac-
t ive pri c e,our service and support
meet their needs or they are loyal to
our brand.Transactional data alone
cannot give us this insight.

Estimating the long-term va l u e
of a customer
To estimate the value of current and
potential customers , we can deve l o p
a model that estimates the lifetime
value of current customers and
p ro s p e c t ive customers .To accom-
plish this:

1 . Identify the characteristics of
c u s t o m e rs that make them highly
p ro f i t a bl e.This is typically accom-
plished by conducting a segmenta-
tion study to group customers and
n o n - c u s t o m e rs into value segments
(such as high-value and low - va l u e
s e g m e n t s ) .

2 . Once a detailed profile of high-
and low - value customer segments is
e s t a bl i s h e d , we need to develop a
model that will allow us to mathe-
matically predict segment member-
ship for both customers and
p ro s p e c t s .We typically are NOT
a ble to do this using only our trans-
actional data alone. H oweve r, by
appending additional, s u p p l e m e n t a l
data (such as from Dun & Bradstre e t
or other secondary data sources) to
transactional data in our database we
will have the necessary raw data to
d evelop pre d i c t ive models.

3 . Using our mathematically
d e rived pre d i c t ive model, we can
n ow tag all of the customers in our
database to predict the value seg-
ment into which they fa l l .We can
also predict into which value seg-
ments pro s p e c t ive customers fa l l .We
maximize reve nue by focusing on
c u s t o m e rs and prospects that fa l l

into our most pro f i t a ble segments.

G roup customers into seg m e n t s
I d e a l l y, we would like to unders t a n d
w hy a customer is buying from us
rather than our competitor. An ideal
method to start is to conduct survey
re s e a rch to classify customers into
groups using a segmentation
m e t h o d o l og y. Asking customers
about their needs and attitudes helps
us understand their motives and
u n d e rstand why they buy what they
bu y. D o n ’t forget to interv i ew non-
c u s t o m e rs as we l l .When you inter-
v i ew customers and non-customers ,
you can see which segments most of
your customers fall into.

H ow segmentation helps
d e t e rmine customer va l u e
L e t ’s say that we conduct a survey of
that includes both customers and
n o n - c u s t o m e rs .We segment our
c u s t o m e rs and prospects based on
their purchasing attitudes and user
n e e d s .As an example, l e t ’s pre t e n d
that we uncover three main seg-
m e n t s : P rice Seeke rs , Fe a t u re
S e e ke rs , and Brand Loya l i s t s .

• Price Seeke rs are driven to get
the best va l u e.We find that they
h ave little brand loyalty and often
buy from not only us but from our
c o m p e t i t o rs as we l l .When looking
at these customers , we find that they
tend to buy from us when our
p roducts are on sale and will not
buy unless they can negotiate large
p rice discounts.T h ey are unwilling
to pay for support contracts but still
t a ke a great deal of our sales pers o n-
n e l ’s time asking support questions.
By looking at our historical transac-
tional data, we see that customers
who fall into this segment have not
been ve ry pro f i t a bl e.

• Fe a t u re Seeke rs tend to focus on
the most advanced features in a
p ro d u c t .T h ey are much less pri c e
s e n s i t ive and will buy fro m
w h i c h ever firm has the most cut-
ting-edge technolog y.We tend to
sell our more advanced pro d u c t s ,
which often have higher margi n s , t o

these customers . H oweve r, t h ey
r a rely buy our pro f i t a ble serv i c e
c o n t r a c t s .T h e re are also re l a t ive l y
f ew Fe a t u re Seeke rs - this is a small
s e g m e n t . By looking at our histori-
cal transactional data, we see that
these customers pri m a rily buy only
a limited number of our more
a d vanced pro d u c t s .While these
p roducts are highly pro f i t a bl e, t h e
Fe a t u re Seeke rs make up only a
small percentage of our overall sales.

• Brand Loyalists tend to bu y
f rom the same firm . P rice and fea-
t u res are much less important to
these customers . Instead they seek
excellent service and support and
a re willing to pay a premium to get
i t .These are our most pro f i t a bl e
c u s t o m e rs .T h ey consistently re -
o rder and often sign up for highly
p ro f i t a ble add-on service contracts.
By looking at our historical transac-
tional data, we see that these cus-
t o m e rs order from us regularly and
tend to buy our full line of pro d-
u c t s , not simply those that are on
sale or have the latest feature set.

The average lifetime value of cus-
t o m e rs for each segment is then cal-
c u l a t e d .This is done by using the
data from current customers in each
gro u p. Each segment is evaluated for
its profitability per customer and by
the size of the segment. Using these
customer lifetime value re s u l t s , we
can target the pro f i t a ble segments.
Some segments may have pro f i t a bl e
c u s t o m e rs but they are not large
enough to wa rrant expending
re s o u rces to target them.We now
h ave a more effective and efficient
way of identifying which customers
to target and retain - those that fa l l
into the most pro f i t a ble segments
with a sufficient size.

F rom this example outcome, we
d e t e rmine that we want to focus
most of our attention on the Brand
L oyalist customer; our second focus
is on the Fe a t u re Seeke rs . By look-
ing at the purchases and pro f i t a b i l i t y
of our Brand Loyalist customers we
can tell they have the highest cus-
tomer va l u e, f o l l owed by the
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Fe a t u re Seeke rs . H oweve r, our cus-
t o m e rs who fall into the Pri c e
S e e ker segment are fairly unpro f-
i t a bl e.

D eveloping a model to pre d i c t
s egment members h i p
After the segmentation model has
been developed and average lifetime
values have been estimated for cus-
tomer segments, the segments can
be pro f i l e d . For example, what are
the characteristics of our most pro f-
i t a ble segment (the Brand Loya l i s t s )
that distinguish them from our least
p ro f i t a ble segment (the Pri c e
S e e ke rs)? Looking at transactional
data alone is usually not sufficient.
While our historical transactional
data may give insights into our cur-
rent customers , we do not have any
transactional data for new pro s p e c t s .
T h e re f o re, we want to add addition-
al demographic data.

T h e re are many sources fro m
which we can buy demogr a p h i c
data on our customers and
p ro s p e c t s . One such source is Dun
and Bradstre e t , but there are many
o t h e rs . Since we know the addre s s
of our customers , we can purc h a s e
additional data about these cus-
t o m e rs such as what industry they

a re in, the number of employees in
the firm , their credit score s , the type
of office building they occupy, e t c.
Literally hundreds of pieces of data
a re ava i l a ble to be purc h a s e d .This is
t rue whether our customers are
c o n s u m e rs or bu s i n e s s e s .

After purchasing the additional
d a t a , we append them to the data-
base of transactional and segmenta-
tion data.We now have a ri c h
s o u rce of descri p t ive data to use to
d i f f e rentiate between high-va l u e
and low - value segments.
M a t h e m a t i c a l l y, we can determ i n e
which of these descri p t ive data
points is most useful in pre d i c t i n g
segment members h i p.Typically a
mathematical model is deve l o p e d
using either discriminant analysis or
another data mining technique.
Suffice it to say that a highly accu-
rate pre d i c t ive model can be deve l-
o p e d .While we may have surveye d
only a few hundred customers and
p ro s p e c t s , we are now able to deve l-
op a mathematical model that will
p redict segment membership eve n
for customers who did not take part
in our survey.As long as we can
gather the descri p t ive data needed
for our model, we can accurately
p redict the lifetime value of a

p rospect before they make their firs t
p u rc h a s e !

Maximize reve nue - targe t
potential new customers
P rofiles from the new database can
be used to target non-customers in
the desired segments.

• We can use our new pre d i c t ive
model to mark all customers in our
database so that we can focus on
those of greatest va l u e.

• We can use our new profiling to
p u rchase lists of specific types of
c u s t o m e rs that are more likely to be
h i g h - value customers but who have
n ever purchased from us.

Additional benefits of
d eveloping a customer va l u e
m o d e l
• We can identify if purc h a s e rs of
ce rtain products are decision-make rs
for other purchases to identify poten-
tial cross-selling opport u n i t i e s . It is
easier to sell new products to some-
one who already purchases pro d u c t s
f rom our company.T h e re f o re, C R M
e f f o rts can be enhanced.

• We can see h ow customers differ
f rom non-customers in attitudes and
p u rchasing behav i o rs and identify
h ow likely non-customers are to
p u rchase from our company and
also understand channel pre f e re n c e s
of customers ve rsus non-customers .

• We can improve targeted pro-
motions and messaging by identify-
ing which ones have the bro a d e s t
appeal among target segments.

• We can identify opport u n i t i e s
for new product deve l o p m e n t .
T h e re may be related products that
our company could easily pro d u c e.

• And we can determine how to
t re a t / a p p roach each customer. It is
u n p ro f i t a ble to treat all customers
the same. For example, the Pri c e
S e e ke rs are interested in sales or dis-
counts while the Fe a t u re Seeke r
c u s t o m e rs are interested in the latest
i n n ova t i o n s .A custom newsletter or
p romotional piece can be cre a t e d
based on the attitudes and needs of
the identified segments. |Q


